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Purpose: To evaluate the effect of a computer-aided diagnosis
(CAD) system on the diagnostic performance of radiolo-
gists for the estimation of the malignancy of pulmonary
nodules on thin-section helical computed tomographic
(CT) scans.

Materials and
Methods:

The institutional review board approved use of the CT
database; informed specific study-related consent was
waived. The institutional review board approved participa-
tion of radiologists; informed consent was obtained from
all observers. Thirty-three (18 malignant, 15 benign) pul-
monary nodules of less than 3.0 cm in maximal diameter
were evaluated. Receiver operating characteristic (ROC)
analysis with a continuous rating scale was used to com-
pare observer performance for the estimation of the likeli-
hood of malignancy first without and then with the CAD
system. The participants were 10 board-certified radiolo-
gists and nine radiology residents.

Results: For all 19 participants, the mean area under the best-fit
ROC curve (Az) values achieved without and with the CAD
system were 0.843 � 0.097 (standard deviation) and
0.924 � 0.043, respectively. The difference was significant
(P � .021). The mean Az values achieved without and with
the CAD system were 0.910 � 0.052 and 0.944 � 0.040,
respectively, for the 10 board-certified radiologists (P �
.190) and 0.768 � 0.078 and 0.901 � 0.036, respectively,
for the nine radiology residents (P � .009).

Conclusion: Use of the CAD system significantly (P � .009) improved
the diagnostic performance of radiology residents for as-
sessment of the malignancy of pulmonary nodules; how-
ever, it did not improve that of board-certified radiolo-
gists.

� RSNA, 2006

1 From the Department of Diagnostic Radiology, Graduate
School of Medical Sciences (K.A., Y.N., T.N., D.L., K.K.,
S.M., Y.Y.), and Department of Radiological Technology,
School of Health Sciences (Y.F.), Kumamoto University,
1-1-1 Honjyo, Kumamoto 860-8556, Japan; and Bio-IT
Business Development Group, Fujitsu, Chiba, Japan (K.M.,
A.O.). Received February 6, 2005; revision requested April
6; revision received May 10; final version accepted June
13. Address correspondence to K.A.

� RSNA, 2006

OR
IG

IN
AL

RE
SE

AR
CH

�
TH

OR
AC

IC
IM

AG
IN

G

276 Radiology: Volume 239: Number 1—April 2006

Note: This copy is for your personal non-commercial use only. To order presentation-ready 
copies for distribution to your colleagues or clients, contact us at www.rsna.org/rsnarights.



Screening for lung cancer by using
low-radiation-dose helical com-
puted tomography (CT) (low-dose

CT) has gained attention in the past
years. With low-dose CT, the detection
rate has been observed to be 0.4%–
2.7%, a value that is 2.6–10-fold higher
than that for detection with chest radi-
ography (1–10). Moreover, noncalcified
nodules have been detected at 5%–66%
of the examinations, a rate that is 1.7–
3.0-fold higher than that for detection
with chest radiography (1,2,6).

Sobue et al (11) reported that small
lung cancers are associated with a bet-
ter patient survival rate and that the
5-year survival rate was almost 100% in
patients with nodules that were 9 mm
or smaller. According to Henschke et al
(6), in whose study 233 participants
with one to six noncalcified nodules un-
derwent low-dose CT, the largest nod-
ule was 2–5 mm in 58%, 6–10 mm in
30%, 11–20 mm in 9%, and greater
than 20 mm in 2% of the patients. Die-
derich et al (7) also used low-dose CT
for the detection of pulmonary nodules;
in their study, the largest nodule was
2–5 mm in 73%, 6–10 mm in 23%, and
greater than 10 mm in 3% of the 1001
participants. These findings suggest that
low-dose CT is a promising method for
the detection of small lung cancers.

Only 2.5%–11.6% of detected non-
calcified nodules, however, prove to be
lung cancer, and screening with low-
dose CT results in many false-positive
findings (3–7,9). Also, in a 1-year fol-
low-up study with low-dose CT, noncalci-
fied nodules were detected at 2.5%–3.9%
of the examinations; only 3%–23% of
these nodules were identified as lung can-
cer (1,5,10). Therefore, rational algo-
rithms that facilitate the accurate diagno-
sis of noncalcified nodules detected at

lung cancer screening with low-dose CT
must be developed.

Thin-section CT has been recom-
mended as the next step when a noncal-
cified nodule is detected at low-dose CT
screening. At present, however, there
are no clear diagnostic criteria for iden-
tification of malignant nodules detected
by using thin-section CT, and in most
instances, the interpretation of thin-sec-
tion CT findings relies on the knowledge
and experience of the radiologist who is
performing the interpretation. The in-
dependent interpretation of noncalci-
fied pulmonary nodules by two or more
experienced radiologists and the use of
a computer-aided diagnosis (CAD) sys-
tem (12–36) for estimation of the malig-
nancy of the nodules may assist radiolo-
gists in determination of a correct diag-
nosis. Thus, the purpose of our study
was to evaluate the effect of a CAD sys-
tem on the diagnostic performance of
radiologists for the estimation of the
malignancy of pulmonary nodules on
thin-section helical CT scans.

Materials and Methods

All patients who underwent CT exami-
nations at Kumamoto University Hospi-
tal, Kumamoto, Japan, gave prior in-
formed consent for the use of their CT
images in future retrospective studies.
Our institutional review board ap-
proved the use of the CT database, and
informed specific study-related consent
was waived. Our institutional review
board also approved the participation of
radiologists in this observer perfor-
mance study. Informed consent for the
observer performance study was ob-
tained from all observers.

Two authors (K.M. and A.O.) were
employees of Fujitsu, and two other au-
thors (K.A. and Y.Y.) had control of
inclusion of all data and information for
this study.

Nodule Selection
One chest radiologist (K.A.) with 18
years of chest CT experience reviewed
the records of 171 consecutive patients
who were suspected of having pulmonary
nodules and underwent thin-section heli-
cal CT of the chest at our institute during

a 24-month period from January 2002 to
December 2003. He did not participate in
the observer performance study. He se-
lected all patients who satisfied the follow-
ing criteria: They had only one pulmonary
nodule that did not exceed 3 cm, and
there was neither consolidation caused by
the presence of organizing tissues after
pneumonia nor consolidation associated
with idiopathic pulmonary fibrosis around
the nodules because it was difficult to de-
fine the boundary of the nodule. On the
basis of these criteria, 21 malignant and
26 benign or possibly benign nodules
were identified. Because three malignant
nodules for which a histologic diagnosis
was not determined were excluded, 18
malignant nodules were available for the
observer performance test. Histologi-
cally, all 18 nodules were identified as
primary lung cancer; 14 were well-differ-
entiated adenocarcinomas and four were
moderately differentiated adenocarcino-
mas. The diagnosis of these nodules was
based on findings at video-assisted tho-
racic surgery in 14 nodules, findings at
CT-guided transcutaneous biopsy in two
nodules, and findings at bronchoscopic
transbronchial biopsy in two nodules. We
did not encounter any patients with soli-
tary pulmonary metastasis during the pe-
riod between January 2002 and Decem-
ber 2003.

Of the 26 possibly benign nodules, 15
were chosen for the observer perfor-
mance test. In seven of these nodules, a
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� Use of the CAD system signifi-
cantly (P � .009) improved the
diagnostic performance of radi-
ology residents for assessment
of the malignancy of pulmonary
nodules; however, it did not im-
prove that of board-certified
radiologists.
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histologic diagnosis was established at
video-assisted thoracic surgery. Among
the histologically proved benign nodules,
two were inflammatory lesions, two were
focal fibrosis, one each was a granuloma
and a pulmonary hamartoma, and one
nodule was caused by anthracosilicosis.
The other eight nodules either were histo-
logically undetermined but manifested no
change in size and internal and marginal
characteristics at chest CT performed in
the course of more than 2 years (six nod-
ules) or disappeared at chest CT within 3
months (two nodules). The other 11 of 26
possibly benign nodules also manifested
no change in size and internal or marginal
characteristics at chest CT; however, ob-
servation periods for these nodules were
shorter than 2 years (average, 10.7
months; range, 4–20 months). There-
fore, we did not include these 11 nodules
in the observer performance test.

The mean size in the xy (or trans-
verse) plane of the 18 malignant nodules
was 20.1 mm � 8.9 (standard deviation),
and that of the 15 benign nodules was
17.4 mm � 9.1. According to the results
of the two-tailed Student t test, there was
no significant difference in size between
malignant nodules and benign nodules
(P � .394). The 33 patients were 15 men
and 18 women who were 25–79 years old
(mean age, 61.8 years); the mean age of
patients with malignant nodules was 62.9
years (range, 25–79 years), and that of
patients with benign nodules was 60.6
years (range, 39–72 years). According to
the results of the two-tailed Student t test,
there was no significant difference be-
tween the age of patients with malignant
nodules and that of patients with benign
nodules (P � .581).

CT Imaging
CT imaging was performed with one of
two scanners (LightSpeed QX/i, GE Med-
ical Systems, Milwaukee, Wis; Somatom
Volume Zoom, Siemens Medical Systems,
Erlangen, Germany). Scanning parame-
ters for thin-section helical CT with the
LightSpeed scanner were as follows: de-
tector row width, 1.25 mm; helical pitch,
0.75; section thickness, 1.25 mm; section
interval, 1.25 mm; rotation time, 0.8 sec-
ond; tube voltage, 120 kVp; and tube cur-
rent, 160–200 mA. For scanning with the

Somatom Volume Zoom machine, the pa-
rameters were: detector row width, 1.0
mm; helical pitch (beam pitch), 0.75; sec-
tion thickness, 1.0 mm; section interval,
1.0 mm; rotation time, 0.75 second; tube
voltage, 120 kVp; and tube current, 160–
200 mA.

Computerized Scheme for Differentiation
of Pulmonary Nodules
First, one radiologist (K.A.) specified
the region of interest (ROI) on a section
that included the target nodule (Fig 1).
The radiologist did not need to specify
the ROI on the other sections because
extension of the nodule along the z-axis
was automatically estimated from the
size of the ROI on the section. We de-
termined the size of the ROI to encom-
pass the nodule in all x-, y-, and z-axis
directions and changed the size of the
ROI in each nodule. For example, we
used an ROI of 4–6 cm for the nodule
that was 3 cm in maximal diameter. In
the observer performance test de-
scribed later, we set up the ROI for each
case in advance and presented it on the
screen of the cathode ray–tube monitor.
Once the ROI was indicated, segmenta-

tion of the nodule was performed auto-
matically with our CAD system.

The segmentation process was di-
vided into three steps as follows:

1. Interpolation of image data was
performed so that the pixel sizes in the
x-, y-, and z-axis became isotropic. This
preprocessing was necessary to seg-
ment the nodule with a smooth bound-
ary and to quantify accurately the mor-
phologic features of the pulmonary nod-
ule.

2. Classification of the nodule type
was then determined. Nodules were
considered as solid, as a ground-glass
opacity, or as that with a cavity. This
classification was achieved by calculat-
ing the averaged CT number (Cav) of the
small-volume area, which was a 1.5-mm
cube around the center of the ROI. We
calculated the Cav of the cube and de-
fined the types as solid for Cav of �150
HU or greater, as ground-glass opacity
for Cav of greater than �150 HU to
�800 HU or greater, and as a nodule
with a cavity for Cav of greater than
�800 HU.

3. Elimination of structures tangent
to the nodule, such as vessels and tho-

Figure 1

Figure 1: Example of an estimation of the likelihood of malignancy of a pulmonary nodule on a transverse
thin-section CT image. In the main window, the target nodule is indicated by the octagon. The pathologic diag-
nosis was well-differentiated adenocarcinoma. In the enlarged window at right are the results of the estima-
tion. The last row shows the estimation of likelihood of malignancy.
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racic walls, was performed. This elimi-
nation was achieved by using several
image processing techniques, such as
“snakes” (37) and mathematical mor-
phology (38). For example, vessels
around the nodule were eliminated by
using the “geodesic erosion/dilation”
technique of mathematical morphology
(38). At first, a lesion area within the
ROI was extracted according to the
threshold of the CT number. Then, the
margin of the lesion area was eroded by

a structure element that had almost the
same diameter as the vessels adjacent
to the nodule. Finally, the lesion area
was dilated so as to reproduce the accu-
rate margin of the lesion area without
vessels.

In the next step, morphologic fea-
tures of the nodule were quantified on
the basis of the segmentation results
with our CAD system (Table 1). We
selected morphologic features that were
effective for estimation of the malig-

nancy of the nodule by investigating the
strength of the neural network connec-
tion (39). In the training stage, a neural
network (40,41) was established by us-
ing an iterated calculation to minimize
the difference between pathologic re-
sults and the outputs from the morpho-
logic features. Thirty-four nodules were
used for the training of our CAD sys-
tem, and these cases were not included
among the cases used for the observer
performance test.

In the differentiation stage, the mor-
phologic features of undiagnosed nod-
ules were fed to the neural networks.
The output was the likelihood of malig-
nancy that was represented by the con-
tinuous values ranging from 0% to
100%. At the observer performance
test, we also showed the results of anal-
ysis of the morphologic features. The
values of maximal diameter, volume,
mean, and standard deviation of the CT
number of the nodule were shown in a
text style so that radiologists could
check whether the segmentation results
were acceptable in comparison with
their visual observations. The values of
features such as inner inhomogeneity of
CT number, marginal obscurity, irregu-
larity of the surface, and sphericity
were shown in a bar chart. The height
of the bar was normalized according to
the statistics of the training data set for
the CAD system. The value of the fea-

ture F was normalized to F̃ according to
the following equation:

F̃ �
F � Fav

2F�
� 50.

Here, Fav and F� were the average
and the standard deviation, respectively,
of the morphologic features of the train-
ing set for use of the CAD system (Fig 2).

A computer workstation (Primergy;
Fujitsu, Tokyo, Japan) with dual 1.4-
GHz processors (Pentium III; Intel,
Santa Clara, Calif) was used in this
study, and the average calculation time
for the CAD system to analyze each
nodule was about 2.5 minutes.

Observer Performance Study
With a sequential-test method, we em-
ployed receiver operating characteristic

Figure 2

Figure 2: Diagram of comput-
erized scheme for quantification of
pulmonary nodules on thin-sec-
tion helical CT images.

Table 1

Morphologic Features for Quantification of Pulmonary Nodules

Morphologic Feature Notes

Density
Averaged CT number None
Standard deviation of CT number None
Internal inhomogeneity of CT number Nonuniformity of gradient vectors inside solid

part
Marginal obscurity Volume rate of lower CT number part tangent to

solid part
Shape

Volume None
Sphericity None
Irregularity of surface Nonuniformity of normal vectors on surface of

nodule
Maximal diameter None

Calcification volume* Volume rate of calcification to volume of whole
nodule

Cavitary volume* Volume rate of cavity to volume of whole nodule

* The value was calculated as a percentage.
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(ROC) analysis to evaluate the perfor-
mance of our CAD system and that of
the 19 participating radiologists in dis-
tinguishing between benign and malig-
nant nodules without and with the CAD
output (42). The observers were 10
board-certified radiologists with 8–26
years of experience (mean, 17.0 years)
and nine radiology residents with 1–4
years of experience (mean, 2.1 years).
All board-certified radiologists special-
ized in body imaging and read thoracic
CT images on a regular basis.

Two clinical parameters (patient
age and sex) were disclosed to the ob-
servers on the cathode-ray tube moni-
tor. They were allowed to change the
level and width of the window on the
monitor; reading time was not limited.
The observers were not given specific
criteria for judging a nodule as benign
or malignant; rather, they were asked
to use their existing knowledge. In re-
sponse to the question of whether they
judged the nodule to be benign or malig-
nant, the radiologists marked their con-
fidence level in regard to the likelihood
of malignancy on a continuous rating
scale (43,44). By using a mouse, they
indicated their judgment on a horizontal
bar displayed on the screen; “definitely
malignant” and “definitely benign” were
marked at the right and left ends of the
bar, respectively.

CT images were first presented
without the CAD output. After each ra-
diologist marked the initial level of con-
fidence, the computer output for the re-
sults of quantitative measurements and
of the analysis for likelihood of malig-
nancy were displayed on the monitor.
Each observer then had a chance to
change the previously indicated confi-
dence level.

Before training and test taking, the
participating radiologists were in-
formed that the purpose of the experi-
ment was to evaluate the potential ben-
efit of using the CAD system to help in
the differentiation between malignant
and benign pulmonary nodules on thin-
section helical CT scans. They were also
told that 33 nodules would be shown
randomly, that approximately 50% of
the nodules were malignant, and that
the accuracy of the computer output

was about 73% when a threshold level
of 50% for the estimated degree of ma-
lignancy with the computer was used as
the measure of the likelihood of malig-
nancy. They were instructed to use the
rating scale consistently and uniformly.
All participants were trained with three
training cases of pulmonary nodules be-
fore they participated in the observer
performance test to make sure that they
could operate the observer interface
and they knew how to take into account
the computer output in their decision
making. Cases used for training were
not included among those used for the
observer performance test.

To assess the diagnostic difficulty
level of each observer performance test
case, we recorded the number of radiol-
ogists who, without the CAD system,
incorrectly answered whether the nod-
ule was malignant or benign in cases in
which a threshold level of 50% was used

as the measure of the likelihood of ma-
lignancy.

Statistical Analysis
ROC analysis was used to compare the
radiologists’ performance without and
with CAD output in distinguishing be-
tween benign and malignant pulmo-
nary nodules. A binormal ROC curve
was fitted to each radiologist’s confi-
dence rating data from two reading con-
ditions with quasi–maximum likelihood
estimation (43). A computer program
(LABMRMC; Charles E. Metz, Univer-
sity of Chicago, Chicago, Ill) was used
to obtain binormal ROC curves from
the ordinal-scale rating data (43). The
area under the best-fit ROC curve (Az)
plotted in the unit square was calcu-
lated for each fitted curve. The statis-
tical significance of the difference be-
tween the ROC curves obtained with-
out CAD output and those obtained

Figure 3

Figure 3: Graph shows number
of radiologists who incorrectly
identified 33 nodules as malignant
or benign without CAD system.

Table 2

Sensitivity, Specificity, and Positive Predictive Value of Board-certified Radiologists,
Radiology Residents, and CAD System Alone for Diagnosis of Malignant Pulmonary
Tumors

Statistic
Board-certified
Radiologists

Radiology
Residents

All
Radiologists CAD System

Sensitivity 76.1 67.3 71.9 72.2
Specificity 89.3 74.8 82.5 75.0
Positive predictive value 90.0 77.2 84.0 81.3

Note.—All numbers are percentages.
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with CAD output was tested by using
the same computer program; differ-
ences were estimated by using analy-
sis of variance for pseudovalues of Az

calculated from the rating scores of all
19 participating radiologists.

The significance of the difference
between Az values was determined.
These differences were between the
board-certified radiologists who per-
formed assessments without or with the
CAD system and the radiology residents
who performed assessments with the
CAD system. They were also between
the board-certified radiologists who
performed assessments without the
CAD system and the radiology residents
who performed assessments without
the CAD system. Evaluation of these
differences was performed with multi-
ple comparisons by using the Tukey-
Kramer method. Statistical analyses
were performed with a statistical soft-
ware package (SPSS, version 11.0;

SPSS, Chicago, Ill). P values of less than
.05 were considered to indicate a signif-
icant difference.

We also calculated the sensitivity,
specificity, and positive predictive val-
ues for the diagnosis of malignant nod-
ules determined by the board-certified
radiologists and by the radiology resi-
dents.

Results

Of the 18 malignant nodules, three were
incorrectly diagnosed by more than
three board-certified radiologists, and
nine were incorrectly diagnosed by
more than three radiology residents. Of
the 15 benign nodules, five were incor-
rectly diagnosed by more than three
board-certified radiologists, and seven
were incorrectly diagnosed by more
than three residents (Fig 3). When a
threshold level of 50% was used for the
measure of the likelihood of malignancy
in regard to the confidence level, the
sensitivity, specificity, and positive pre-
dictive values of our CAD system alone
were 72.2%, 75.0%, and 81.3%, re-
spectively (Table 2). All sensitivity,
specificity, and positive predictive val-
ues for the CAD system were between
the values for board-certified radiolo-
gists and those for the radiology resi-
dents (Table 2). The Az value for the
CAD system alone was 0.795 (Fig 4).
The Az values for all 19 observers were
significantly higher with CAD output
than they were without CAD output
(Table 3). Results of the analysis of
overall performance of the 19 observers
for distinguishing between benign and
malignant pulmonary nodules (Fig 4) in-
dicated that the averaged Az values for
all radiologists increased from 0.843 �
0.097 without CAD output to 0.924 �
0.043 with CAD output; the difference
was significant (P � .021) (Table 3).

For the board-certified radiologists,
the mean Az values (Figs 5, 6) obtained
without and those obtained with CAD
output were 0.910 � 0.052 and 0.944 �
0.040, respectively; the difference was
not significant (P � .190) (Table 3). On
the other hand, for the group of resi-
dents, the mean Az values obtained
without CAD output and those obtained

Figure 4

Figure 4: Mean ROC curves for all observers
who distinguished between benign and malignant
nodules without and with CAD output and ROC
curve for the CAD output alone. The mean Az val-
ues for all radiologists increased from 0.843 �
0.097 without CAD output to 0.924 � 0.043 with
CAD output. The difference was significant (P �
.021). The Az value for the CAD output alone was
0.795.

Table 3

Az Values for Board-certified Radiologists and Radiology Residents for Diagnosis
without and with CAD Output

Observer Az Value without CAD Output Az Value with CAD Output

Board-certified radiologists
1 0.871 0.890
2 0.808 0.888
3 0.871 0.939
4 0.883 0.896
5 0.927 0.953
6 0.939 0.981
7 0.953 0.974
8 0.929 0.980
9 0.940 0.947

10 0.984 0.992
Average* 0.910 � 0.052 0.943 � 0.040

Radiology residents
11 0.836 0.931
12 0.811 0.874
13 0.776 0.885
14 0.761 0.874
15 0.668 0.902
16 0.754 0.883
17 0.653 0.935
18 0.749 0.860
19 0.905 0.969
Average* 0.768 � 0.078 0.901 � 0.036

Average for all* 0.843 � 0.097 0.924 � 0.043

* Data are the mean � standard deviation.
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with CAD output were 0.768 � 0.078
and 0.901 � 0.036, respectively; these
values were significantly different (P �
.009) (Table 3).

There was a significant difference
between the mean Az values recorded
for board-certified radiologists and
those recorded for the residents when
assessment was performed without the
CAD system (P � .001). There was no
significant difference, however, be-
tween the mean Az values recorded for
board-certified radiologists who did use
the CAD system or those who did not
use the CAD system, on one hand, and
those for the group of residents who
used the CAD system in their assess-
ment, on the other (P � .892 and P �
.101, respectively).

Discussion

The spread of lung cancer screening
with low-dose CT has drawn attention
to the importance of the use of a CAD
system for the assessment of pulmonary
nodules (12–21,23–31,33–36,39,45,46).
We found that, when radiology residents
used the CAD system, their diagnostic
abilities advanced to the same level as
that of board-certified radiologists who
performed the assessment with or with-
out the CAD system. On the other hand,
use of the CAD system did not signifi-
cantly enhance the diagnostic abilities of
board-certified radiologists. Of 18 ma-
lignant nodules, three (17%) were in-
correctly diagnosed by more than three
board-certified radiologists, as were five
(33%) of the 15 benign nodules. On the
other hand, nine (50%) malignant nod-
ules and seven (47%) benign nodules
were incorrectly diagnosed by more
than three residents. This finding sug-
gests that the data sets presented in our
observer performance test may have
been relatively easy to diagnose for
board-certified radiologists and may
have been relatively difficult for the ra-
diology residents to diagnose. The Az

value for our CAD system was smaller
than that for the board-certified radiolo-
gists as a group and larger than that for
the residents as a group. To render our
CAD system useful for not only less ex-
perienced residents but also experi-

enced board-certified radiologists, its
performance must be raised to the diag-
nostic ability level of board-certified ra-
diologists.

Our CAD system displays not only
estimations of malignancy in percent-
ages but also typical parameters in nu-
meric values or in histogram formats.
This may make it possible for the ob-
server to use the displays for assess-
ment of the appropriateness of the ma-
lignancy estimations calculated with the
CAD system. We did not, however,
confirm that results of morphologic fea-
ture analysis actually contributed to fi-
nal decisions of radiologists.

With our CAD system, estimates of
the likelihood of malignancy that are
based on morphologic features of the
pulmonary nodules on thin-section heli-
cal CT scans were calculated. The addi-
tion of clinical information, such as pa-
tient age, sex, and smoking history, may
improve the diagnostic performance of
our system. Furthermore, although the
neural network was used with our CAD
system to estimate the likelihood of
malignancy on the basis of various mor-
phologic features, Bayesian analysis
(47–49) is a viable alternative.

With our CAD system, estimates of
the likelihood of malignancy are deter-
mined by using learning input data.

When the CAD system contains data on
benign nodules, such as a pulmonary
hamartoma, but not on metastatic pul-
monary tumors, the latter may be esti-
mated as benign. Therefore, it is impor-
tant to recognize that the estimation of
the likelihood of malignancy that is
based on the assessment of only CT im-
ages is not totally reliable. Even when
the CAD system returns a diagnosis of a
benign pulmonary nodule, if this estima-
tion is based on a single CT image, it is
advisable to monitor the nodule for tem-
poral changes. Our CAD system can be
used to monitor temporal changes from
various perspectives because the results
of analysis that can be performed in re-
gard to internal density and marginal
characteristics, as well as volumetry,
are considered.

We used a threshold level of 50%
for the measure of the likelihood of ma-
lignancy with our CAD system. This
threshold level was used to assess the
sensitivity, specificity, and positive pre-
dictive values for our CAD system, for
board certified radiologists, and for ra-
diology residents for the estimation of
malignancy. Much lower probabilities of
malignancy can and should result in a
change in patient treatment. For exam-
ple, some decision-analysis studies sug-
gest that a probability of 5%–10% or

Figure 5

Figure 5: Mean ROC curves for the 10 board-
certified radiologists who distinguished between
benign and malignant nodules without and with
CAD output. The mean Az values obtained without
and with the CAD output were 0.910 � 0.052 and
0.943 � 0.040, respectively. The difference was
not significant (P � .190).

Figure 6

Figure 6: Mean ROC curves for the nine radiol-
ogy residents who distinguished between benign
and malignant nodules without and with CAD
output. The mean Az values without and with the
CAD output were 0.768 � 0.078 and 0.901 �
0.036, respectively. The difference was significant
(P � .009).
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greater should result in a change in
treatment (50,51). The likelihood of
malignancy that was estimated by using
the CAD system represents only a refer-
ence for probability of malignancy, and
radiologists or pulmonologists must de-
termine the appropriate treatment for
pulmonary nodules.

We used our CAD system to per-
form quantitative analysis of pulmonary
nodules displayed on thin-section helical
CT scans. If thin-section helical CT is
employed for lung cancer screening, the
detection and characterization of tu-
mors can be achieved simultaneously,
small faint nodules can be identified
(52), and the misidentification of struc-
tures, such as blood vessels, as nodules
(45) may cease. Thin-section helical CT,
however, generates huge volumes of im-
age data and increases the amount of
radiation exposure to patients.

There were some limitations in our
study. The nodules that were investi-
gated were almost 3 cm in maximal di-
ameter. We chose tumors that were
less than 3 cm in diameter because this
size corresponds with stage T1 tumors
according to the Union Internationale
Contre le Cancer classification. Patients
whose nodules are 2 cm or larger and
are without calcification usually undergo
biopsy or surgery immediately (4), and
most nodules that require CT for esti-
mation of their benign or malignant na-
ture are relatively small (2 cm in maxi-
mal diameter). We are preparing to
conduct an observer performance test
in which we include nodules with a di-
ameter of only 2 cm or smaller. Also,
only 33 lesions were presented in our
observer performance test to allow indi-
vidual observers to perform their inter-
pretation in a relatively short time. On
the other hand, 19 radiologists with dif-
ferent levels of experience participated
in our study; this number of observers
was sufficiently large for validation of
the reliability of our statistical results.

In conclusion, use of our CAD sys-
tem significantly improved the diagnos-
tic performance of radiology residents
but not of board-certified radiologists.
Our future challenge is to increase the
performance level of the CAD system to
a level identical to, or higher than, the

performance level of the board-certified
radiologists.
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